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Abstract: Map matching is a necessary procedure for many trajectory data mining and various location-based appli-
cations.Map matching algorithms are continuously evolving with the development of positioning techniques and application
requirements.Research on map matching has undergone several stages, from real-time GPS data map matching, to low-sam-
pling rate GPS trajectories offline map matching, to recently non-GPS positioning data or high resolution map matching.
Various advanced map matching algorithms have been proposed. However, there is a short of a complete review of recent
map matching algorithms.To bridge this gap, this paper conducts a comprehensive survey on map matching algorithms pro-
posed in the last decade.A general framework of map matching algorithms is extracted, and spatial or spatial-temporal fea-
tures commonly used in these algorithms are summarized.From the technical perspective, the HMM is the most commonly-
used model in existing algorithms, before the maximum weights model. The deep learning technique has been recently ap-

plied into map matching, and is becoming a future trend for high resolution map matching.
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